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USEFORM MEANING

Guess what it means

making a lot of noise

having two decisions

moving back and forth
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USEFORM MEANING

You might know this word!

It comes from the same word family as:

attend VERB

NEXT
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USEFORM MEANING

NEXT

You have seen this word before in these 
sentence(s)!

This was a nice a nice evening. 
They gave me a very nice present.
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Fill the gap with a correct word!

NEXT

The plan gained rapid media 

_______________ shortly afterwards.|
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Choose the closest synonym of 
the word -attention!

NEXT

focus

characteristic

uniqueness
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Word 1 Word 2 Word 3 Word 4 Word 5 Word …

Learner 1 ??? KNOWN UNKNOWN ??? UNKNOWN KNOWN

Learner 2 UNKNOWN ??? ??? KNOWN KNOWN KNOWN

Learner 3 KNOWN KNOWN UNKNOWN UNKNOWN ??? KNOWN

Learner 4 ??? KNOWN ??? KNOWN ??? UNKNOWN

Learner 5 UNKNOWN ??? ??? ??? UNKNOWN ???

Learner 6 KNOWN ??? KNOWN UNKNOWN KNOWN KNOWN

Learner … UNKNOWN ??? KNOWN KNOWN ??? ???
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